HIRZATBEAEEEMRBPO

R RIEE RN
RAENRA: CSI1241G
REFXLH: ATEIER (A)
PRAE R L4 #X: Al Fundamentals (A)
WRF S 2 B 2
WK BIREARK—. KZFRFAFA
MG R/ SRR ER: Python % CiE5 . i EH LA

_\ﬁﬁﬁﬁ

(—) #XEA

ATEfEA (A) 2 —THHETREAML VRFRFETFRABRARE, §4EH
B ARMEEATERGEAEMFEREmT 0B R, ¥EATERY AT R #EAR
MR TH R DK AT SR T LR, BE RS % AR L WA ETHTA
THEEMAOFOES. RRERAEARS . LRFHAAF TR, SEETREL I
BRI SERE, AENRRESINES B RA RG], BFEFAEEEAITEHE
FoER TR R, FERGFEZA Python &5 REM KNG . BT USRREF I ERIOR #
THAKX AR, EEANFRGTGEAE . HBPRESTALE. #RKFLS T L. HE
NahERE. RARITEEIA. MRERUURHEF S EPFoEa R0 Al HER
R R TT %, ERTONFKETRBEHEOR. £RX Al TANER 7%, E£ELHHE
WATLE R A fotk & FTE R LN 7 ik, AT £ BE AL B30k UH & A

Al ORI EFT P AL R J7, BRIk B LA R B 2 2 RiR Atk 2 St A R Xk 45 6 3L R4



HIRZATBEBEREMR DD

BHAT AL XA HATERER, HEXRE CRBEEREL EAATE R0

FRAL .

(=) EXHEA

The fundamentals of Artificial Intelligence (AI) A is a general education
course for junior students majoring in science, technology, agriculture and
medicine. It aims to help students understand and master the theoretical
principles and safety ethics knowledge of AI, the use of commonly used algorithms,
models and framework tools of AI, and the application and development technology
of Al data modeling. Gradually cultivate the ability to combine the actual field
of Al application innovation. This course adopts a case—driven and practice—
oriented teaching method, combining with the actual application in the field of
science, engineering, agriculture and medicine, introducing vivid and practical
cases for each knowledge point, gradually enabling students to master the
deployment of Al platforms and the use of technical tools, and master the use of
Python language and its related packages, libraries and deep learning framework
technology to develop Al applications. Master the AI data modeling application
development methods from the full life cycle process of requirements analysis
and problem definition, data collection and preprocessing, model selection and
development, model training and evaluation, system design and implementation,
testing and optimization, and deployment and maintenance. Master the fine—tuning
of pre—trained large language models and the use of generative Al tools. Master
the method of correctly identifying the ethical safety and social responsibility
problems of AI, and finally cultivate students to understand the basic knowledge
of AI theory and the ability to solve practical problems with AI technology, and
develop the AI literacy that has both ethical safety awareness and social
responsibility, and can combine with the actual field of AI cross application
innovation. Cultivate more new talents with AI literacy for the national digital

intelligence strategy.
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